A new criterion to Improve operational drizzle detection with ground-based remote sensm
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percentages of non-drizzle, drizzle seeding, drizzle growth,
drizzle mature and discarded pixels between cloud base and
cloud top.

Distributions of reflectivity (top), mean Doppler velocity
(center), and Doppler spectrum width (bottom) obtained for the
Cloudnet target classification (left) and CLADS (right).

cloudy pixels.
« CLADS is able to provide a geospatial collocation in time/height of the different drizzle areas. Each stage
of drizzle development can be characterized in terms of LWP and highlights distinct features in terms of
reflectivity, mean Doppler velocity and Doppler spectrum width.
Turbulence can dampen the skewness signal; this may result in an increased amount of non-classified

3. Goal of this work C.

The goal of this work is to develop a new criterion for
operational drizzle detection exploiting the skewness 2 : .
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of the radar Doppler spectrum. o 4B 5 5 5 4] bins. The high resolution of the radar observations is key to exploit the full potential of the skewness
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